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Research of Maize Planting Area Extraction
Based on High Spatial-temporal Remote
Sensing Data by HCS Fusion

LIU Yumei,YANG Wenbo ,MA Yuntao
(School of Trans portation Engineering , Shenyang Jianzhu University , Shenyang , China, 110168 )

Abstract; The method which is combination of Landsat8 OLI panchromatic image but also and
MODIS image of high temporal resolution is proposed to construct remote sensing data with high
temporal and spatial resolution for monitoring crops planting area, which will lay a scientific theo-
retical basis for the information of agricultural production. Faku County of Shenyang is taken as an
example. Its area is pretreated by the combining of multi spectral Landsat8§ OLI panchromatic im-
age data and MODIS-NDVI time series data on the basis of the HCS method. According to the
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phenological data of the area and sample data with credibility, the size of the area is estimated and

mapping precision and user accuracy of corn planting area are counted out;Based on the fusion of

Landsat8 OLI panchromatic image data and MODIS-NDVI time series data,the area of corn plant-

ing is extracted from high temporal and spatial resolution remote sensing data by Mahalanobis dis-

tance classification. The recognition performance of fused high temporal and spatial remote sensing

data on corn planting area is good enough,and the mapping accuracy and user accuracy reached
89.62% and 99. 71% respectively. HCS method is applicable to the fusion of high temporal data
and high spatial data,and the fused image keeps the spectral characteristic and the spatial texture

details of the original.

Key words ; temporal spatial data fusion;ground object classification ; planting area; HCS method
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